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Abstract

Research background: Artificial intelligence (Al) is rapidly transforming
financial management in SMEs. Advances in machine learning, natural
language processing and generative Al enhance forecasting, credit
assessment, risk management and fraud detection. Despite this
potential, SMEs face limited data, resource constraints and skill gaps,
which significantly influence the pace and form of Al adoption.
Purpose of the article: The article aims to review high-quality research
published between 2016 and 2024 on Al applications in SME finance. It
focuses on how Al is used in financial forecasting, credit scoring, risk
management, fraud detection, and financial planning, and examines
how it affects SME financial stability, performance, and growth.
Methods: The study draws on a focused review of high-quality research
(2016-2024) on Al in SME finance, synthesizing empirical and
conceptual studies on Al applications, their documented benefits, key
challenges, and strategies that enable effective financial management
adoption.

Findings & Value added: The review shows that Al offers strong
potential to enhance the financial stability and growth of SMEs when
supported by suitable organizational capacities and governance. Key
benefits include improved cash flow and financial forecasting, more
accurate credit risk assessment, real-time fraud detection, and more
data-driven financial planning. Despite these advantages, SMEs face
barriers such as limited data, skill shortages, and high implementation
costs. The review identifies strategies to overcome these challenges,
including cloud-based Al solutions, targeted employee training, and
explainable Al to strengthen transparency and trust. Ethical concerns,
especially algorithmic bias and the need for human oversight remain
essential for ensuring positive financial outcomes. The article adds
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value by synthesizing fragmented evidence, linking Al use to
performance improvements, and outlining directions for future
research on sustainable Al adoption.
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1. Introduction

In the financial industry, artificial intelligence (Al) has emerged as a core driver of innovation in
what is often described as the Fourth Industrial Revolution. Al systems leverage big data and
advanced algorithms to make decisions rapidly, transforming operations in finance from
algorithmic trading and robo-advisory services to fraud detection and customer service chatbots
(Vukovic et al., 2025). Financial institutions are projected to double their Al investments to about
$97 billion by 2027, reflecting Al’s immense potential to deliver performance gains even as it
introduces new risks that require careful management (McKinsey Global Institute, 2018; Dwivedi et
al., 2021).

Within this broader context, small and medium-sized enterprises (SMEs) are a crucial part of the
economy that could benefit greatly from Al-driven innovations. SMEs contribute significantly to
global employment and economic development, and they often have the agility to adapt quickly to
market changes (Badghish and Soomro, 2024). However, SMEs also face major resource
constraints such as limited financial and human capital, lack of technical expertise, and sometimes
organizational resistance to change (Badghish and Soomro, 2024). These constraints make Al
adoption both a significant opportunity and a formidable challenge for smaller businesses. Unlike
large corporations with extensive IT budgets, SMEs tend to seek affordable, easy-to-implement Al
solutions that offer rapid returns on investment (Schwaeke et al., 2025).

Al’s potential in the finance function of SMEs is especially promising. Key financial management
activities such as forecasting and budgeting, credit risk assessment, cash flow management, fraud
detection, and strategic financial planning can all be enhanced by Al. For example, machine learning
models can improve revenue and cash flow forecasts by analyzing historical and real-time data,
leading to more reliable budgeting and planning (Dinh et al., 2025). Al-driven algorithms can
evaluate creditworthiness using a wide range of financial and alternative data, enabling more
accurate credit scoring and risk management decisions (Serrano-Cinca and Gutierrez-Nieto, 2016;
Jagtiani and Lemieux, 2019). Similarly, anomaly detection systems can continuously monitor
transactions to flag irregularities or potential fraud, strengthening internal controls (Vukovic et al.,
2025). By improving the speed and precision of these processes, Al helps SMEs mitigate risks,
maintain steadier cash flows, and make better-informed strategic decisions - enhancing financial
stability and supporting business growth (Dinh et al., 2025; Metzger et al., 2025).

Despite these potential benefits, many SMEs have been slow to adopt Al in practice. Common
barriers include low awareness of Al capabilities, insufficient quality data (often trapped in silos),
high implementation costs, and a shortage of skilled personnel to develop or manage Al systems
(Dwivedi et al., 2021; Schwaeke et al., 2025). SME owners also worry about data security, privacy,
and the reliability of Al outputs in high-stakes financial decisions. Many are uncertain about the
return on investment of Al projects or fear disruptions to established processes. These concerns
underscore the need for more research on how Al adoption affects SME performance and what
strategies can facilitate successful implementation (Soomro et al., 2025). A key question is whether
implementing Al in finance tangibly improves an SME’s financial health, risk resilience, and growth
trajectory and under what conditions such deployment yields sustainable competitive advantages
(Badghish and Soomro, 2024).

To address these issues, this paper conducts a systematic review of recent scholarly research on
the use of Al in SME financial management. We focused on literature from the years 2016-2025
published in well-regarded journals (primarily those in top quartiles), ensuring a current and
credible foundation for analysis. The goal is to outline the state-of-the-art applications of Al in SME
finance, covering functions such as financial prediction, credit scoring, risk management, fraud
detection, and planning/controlling and to evaluate their financial implications, particularly how
they impact enterprises’ financial stability (e.g. risk reduction, more reliable cash flows, avoidance
of financial distress) and growth (e.g. improved profitability, productivity, and expansion
outcomes). Our review highlights proven benefits, remaining challenges, and emerging best
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practices, providing guidance for SME managers and stakeholders on leveraging Al for financial
management.

2. Literature review

Research on Al and digital technologies has expanded rapidly in the last decade. Early macro level
work links the diffusion of advanced automation with changes in growth, employment and factor
shares, highlighting both productivity gains and risks for labour markets (Acemoglu and Restrepo,
2018). Strategic reports by consulting firms and international bodies show that financial institutions
are investing heavily in Al and related analytics, expecting significant efficiency and revenue effects
while also warning about new systemic vulnerabilities (McKinsey Global Institute, 2018; Financial
Stability Board, 2025). At the same time, broad surveys of Al adoption map key technological
opportunities and challenges and emphasise data quality, ethical concerns and governance as
central issues for business value creation (Dwivedi et al., 2021).

Within this broader stream, a growing body of work focuses specifically on small and medium
sized enterprises. International policy studies document that the digital transformation of smaller
firms is uneven and that many enterprises lag in the use of data driven tools (OECD, 2021). Empirical
research connects the adoption of Al and related digital technologies in small and medium sized
enterprises with higher innovation performance, greater organisational flexibility and improved
sustainability outcomes (Chaudhuri et al., 2022; Chatterjee and Mariani, 2024; Badghish and
Soomro, 2024; Schwaeke et al., 2025; Soomro et al., 2025). Recent studies also argue that Al can
compensate for resource constraints in smaller firms by supporting decision making, reducing
operational costs and enabling new data driven business models (Dinh et al., 2025; Chatterjee et al.,
2023).

A third stream of literature examines Al in financial services and in the financial management of
enterprises. Foundational studies on credit scoring and risk analytics show that statistical learning
and machine learning models can significantly improve the prediction of default and the evaluation
of bank customers and peer to peer borrowers (Gaganis et al., 2021; Serrano Cinca and Gutierrez
Nieto, 2016; Jagtiani and Lemieux, 2019; Li et al., 2021). More recent work develops fairness aware
approaches and graph-based models for financial distress prediction, often with an explicit focus
on small and medium sized enterprises (Wang et al., 2024). In parallel, researchers discuss how Al
supports financial inclusion and stability at the system level (Le et al., 2019; Vukovic et al., 2025) and
how generative Al tools can augment day to day financial management in small and medium sized
enterprises (Metzger et al., 2025). Despite these advances, there is still limited integrative evidence
that connects specific financial applications of Al with the overall financial stability and growth of
small and medium sized enterprises. The present study addresses this gap by systematically
reviewing recent high-quality work on Al in SME finance and synthesising its implications for
financial stability and performance.

3. Methodology

The article adopts a systematic literature review SLR approach in line with guidance by Okoli (2015).
The aim of this review is to identify, evaluate and synthesise research that examines applications
of Al in the financial management of small and medium sized enterprises and closely related
contexts. The procedure followed three stages: planning the review, identifying and selecting
relevant studies and synthesising the evidence.

In the planning stage, the research questions were defined around two core issues. First, how
Al is used in financial forecasting, credit risk assessment, fraud detection, financial distress
prediction and broader financial decision support for small and medium sized enterprises. Second,
how these applications influence financial stability and performance outcomes such as cash flow
reliability, risk exposure and business growth. On this basis, search strings combined terms for Al
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and analytics (for example Al, machine learning, generative Al) with terms related to small and
medium sized enterprises and finance (for example SME, small business, credit risk, financial
forecasting, financial distress).

In the identification and selection stage, searches were carried out in Web of Science and
Scopus. Only peer reviewed publications and high-quality institutional reports in English were
retained. The initial search returned a broader pool of records that were screened in several steps.
Titles and abstracts were first checked to remove clearly irrelevant items, such as studies that focus
on purely technical aspects of algorithms without any business or financial context or papers that
deal exclusively with large corporations. The remaining studies were assessed in full text. To be
included in the final corpus, a publication had to address Al or machine learning, contain an explicit
link to financial management, risk or performance and provide evidence or conceptual discussion
that was relevant for small and medium sized enterprises. Seminal work on credit scoring and
financial inclusion and selected policy reports on Al in finance were also retained where they
informed the analysis.

Table 1 provides an overview of the core characteristics of the sources included in the systematic
literature review. The analysed sample covers the years 2016 to 2025 and consists of 24 publications,
predominantly journal articles, with a clear upward trend in outputs after 2018. The thematic focus
is centred on Al, SME finance, and financial stability, as reflected in the most frequent keywords.
Authorship patterns indicate moderate collaboration, with an average of 2.7 authors per paper and
around 40 percent international co-authorship. Overall, the dataset reflects a young and
dynamically evolving research stream.

Table 1: Analysed sources used in the systematic literature review

Description Results

Main information about data

Timespan 2016-2025

Total sources (journals, reports) 24

Journal articles 21

Institutional / policy reports 3

Annual growth trend of publications Increasing, especially after 2018

Average document age 3.9 years

Document contents

Keywords plus Al, SME finance, forecasting, credit scoring, risk assessment
Author keywords Al, SMEs, financial stability, financial management
Authors

Total authors across included studies 65

Single-authored papers 2

Average number of authors per paper 2.7

International co-authorship share approx. 40 percent

Document types

Article 21

Institutional report 3

Source: own elaboration

For each included study, information was extracted on publication year, country or region,
methodological approach, the specific financial function examined, the Al technique or tool and
the main findings related to financial stability, risk or performance. The analysis followed a thematic
synthesis logic. Individual findings were coded into categories representing forecast and planning
applications, credit risk assessment and lending, fraud detection and internal control, financial
distress prediction and broader decision support. The evidence within each theme was then
compared to identify recurring patterns, complementary insights and any contradictory results.
This procedure ensured transparency of the review process and provided a structured basis for the
result and discussion sections that follow.
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4. Results

Our review identified several core areas where Al is being implemented in SME financial
management, each yielding distinct benefits. As summarized in Table 2, Al applications in SME
financial management span the entire financial cycle, from forecasting and planning, through credit
risk assessment and fraud detection, to distress prediction and decision support. Collectively, these
tools enhance the accuracy of financial information, strengthen risk management, and support
more timely and informed managerial decisions, thereby contributing to greater financial stability

and growth potential in SMEs.

Table 2: Key Al applications in SME financial management

Al application area

Main purpose

How Al works

Main benefits for SMEs and
financial stability

Financial
forecasting and
planning

Credit scoring and

risk assessment

Fraud detection
and internal
control

Financial distress

prediction

Financial decision
support

Improve forecasts
of revenue, sales,
and cash flow
Assess
creditworthiness
and default risk

Detect fraud,
errors, and
irregularities in
financial records
Predict likelihood
of distress or
business failure

Support
managerial
financial decision-
making

Machine learning models for time-
series forecasting, using historical
financial and operational data

ML models analyse financial and
non-financial data and classify
default risk

Anomaly detection, pattern
recognition, and real-time
monitoring of transactions and
accounting entries

Predictive analytics models using
financial ratios, performance
trends, and macroeconomic
indicators

Al-powered analytics and
generative Al tools that interpret
financial statements and simulate
scenarios

More accurate budgeting and
liquidity management; reduced
uncertainty about funding needs
More accurate default
predictions; better lending
decisions; improved access to
finance for viable SMEs

Faster and more reliable fraud
detection; prevention of financial
losses; stronger internal controls

Early warning signals for timely
action; reduced insolvency risk;
improved financial stability

Faster and better-informed

decisions; early detection of
financial issues; support for
profitability and growth

Source: own elaboration

Al-driven predictive models (e.g., machine learning for time-series forecasting) improve the
accuracy of revenue, sales, and cash flow projections. This enhances budgeting and liquidity
management, reducing uncertainty and helping SMEs anticipate funding needs (Dinh et al., 2025).
Better forecasts contribute to stability by enabling proactive adjustments to business strategies
and avoiding cash shortfalls.

In the area of credit scoring and risk assessment, machine learning algorithms analyze financial
and non-financial data (such as transaction histories or customer behavior patterns) to assess
creditworthiness and default risk. Al-based credit scoring provides more precise default predictions
than traditional methods, leading to more informed lending decisions and more effective credit risk
management. For SMEs, this means improved access to financing (as worthy borrowers are
identified more accurately) and reduced losses from bad debts, which contributes to financial
stability (Serrano-Cinca and Gutierrez-Nieto, 2016; Jagtiani and Lemieux, 2019). This approach builds
on earlier decision-support models for credit evaluation and has led to demonstrable
improvements in loan portfolio performance (Gaganis et al., 2021).

Al systems used for fraud detection and internal control monitor financial transactions and
accounting entries in real time to detect anomalies or suspicious patterns. By using techniques like
anomaly detection and pattern recognition, Al can flag potential fraud or errors far faster and more
accurately than manual review (Vukovic et al., 2025). This helps SMEs prevent financial losses due
to fraud and ensures the integrity of financial reports. Strengthening internal controls in this way
improves stability and confidence in the enterprise’s financial practices, both for managers and
external stakeholders.

ISSN 1337-0839 (print) | 2585-7258 (online) https://ems.uniza.sk



Page 6 of 12 Authors: Cugova, A., and Chaudhuri, C.
The Role of Artificial Intelligence in Strengthening
Financial Practices of SMEs

Predictive analytics models for financial distress prediction use Al to evaluate indicators of
financial health (liquidity ratios, revenue trends, macroeconomic signals) and predict the likelihood
of business distress or failure. Such Al-driven early warning systems enable SME managers to take
corrective action before problems become critical, directly enhancing the enterprise’s financial
stability and survival prospects (Wang et al., 2024). By mitigating insolvency risk through timely
alerts, these tools serve as a financial safeguard for SMEs.

Al-powered financial decision support tools (including advanced analytics and even generative
Al) provide managers with insights and recommendations for financial decisions. For instance, Al
can automatically analyze financial statements and highlight issues such as cost overruns or
declining profit margins, alerting management to areas that require attention (Metzger et al.,
2025). Al-based advisory systems can guide budgeting, investment by evaluating various scenarios.
By improving the quality and speed of decision-making, these applications can boost profitability
and growth while helping managers maintain control over financial risks.

Figure 1: The impact of Al on the financial stability of SMEs

Fraud Detection

Real-time monitoring,
anomaly detection

Credit Scoring

Precise default
predictions, informed

Distress Prediction ;
lending

Early warning system,
corrective action

Predictive Models

Implement Al Solutions

Decision Support .
improve forecast accuracy,

Insights, reduce uncertainty

recommendations for
financial decisions

SME Financial Instability SME Financial Stability
High risk, low Reduced risk, increased
confidence confidence

Source: own elaboration

Across these functional areas, studies report significant quantitative improvements for Al-
adopting SMEs (Figure 1). For example, leveraging Al in forecasting and planning has been linked
to more stable cash flows and fewer financial surprises, thereby improving stability (Badghish and
Soomro, 2024) and supporting the broader sustainability and performance gains associated with
Al-driven innovation in SMEs (Chaudhuri et al., 2022). Al-driven credit analytics have led to lower
loan default rates. One study noted roughly a 7% reduction in defaults in an SME loan portfolio while
also expanding credit access by better distinguishing high-risk borrowers from creditworthy ones
(Butaru et al., 2016; Jagtiani and Lemieux, 2019). Automating routine accounting and control tasks
with Al can reduce operational costs and errors, directly improving profit margins and efficiency
(Dwivedi et al., 2021). Moreover, emerging tools like generative Al are making sophisticated
financial analysis accessible to SME managers, providing real-time insights that previously required
expert analysts (Metzger et al., 2025). As a result, SMEs leveraging Al often outperform their peers
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on key financial metrics and respond more agilely to market changes, in line with broader evidence
that digital transformation initiatives enhance organizational flexibility and competitiveness
(Chatterjee and Mariani, 2024). For instance, SMEs using Al-based decision support tend to make
faster and more data-informed adjustments in operations and strategy, which can translate into
competitive advantages. However, researchers also caution that these benefits are not automatic.
Data quality remains paramount and the ability of SME managers to interpret and trust Al outputs
is critical (Dwivedi et al., 2021). Without a strong data-driven culture and sufficient analytical skills,
an SME may fail to realize Al’s full potential even with advanced tools in place. Building up
organizational capability alongside technical adoption is therefore often cited as a necessary
complement to Al technology (Badghish and Soomro, 2024). Evidence from innovation research
shows that insufficient capabilities can turn such investments into innovation failures with adverse
performance consequences (Chatterjee et al., 2023).

5. Discussion

The results show that Al adoption can significantly bolster the financial stability of SMEs by
enhancing core risk management functions. Al-driven tools for credit scoring, fraud detection,
forecasting, and distress prediction collectively help SMEs avoid or mitigate financial shocks. For
example, more accurate machine-learning credit models lead to fewer bad loans and defaults,
which in turn stabilizes cash flow. Improved cash-flow forecasting and real-time anomaly detection
similarly act as buffers against unexpected liquidity shortfalls or losses. These findings align
strongly with recent empirical evidence: Al-adopting enterprises tend to experience less variability
in revenues and cash flows than non-adopters, indicating more predictable operations. One study
even quantified that each additional Al application used was associated with roughly a 3-4%
reduction in business risk during the COVID-19 pandemic (Drydakis, 2022). Consistently, SMEs
leveraging digital and Al tools coped better with the COVID-19 shock, showing lower rates of
distress and closure than those without such tools. This suggests that Al functions as a risk buffer in
practice, enabling faster adaptive responses through predictive insights and automation. Our
observation that Al-based credit analytics and early warning systems improve financial resilience is
also corroborated by other high-quality studies. For instance, integrating machine learning into
SME lending was found to cut default rates (by about 7% in one case) while expanding credit access
by more accurately distinguishing high-risk borrowers. Taken together, both our review and the
broader literature indicate a clear consensus: Al technologies, when applied to SME finance,
enhance stability by smoothing out volatility and reducing the frequency of negative financial
surprises. We did not encounter contradictory evidence on this point in recent top-tier studies. Any
divergence in impact appears to be one of degree, where enterprises that fully integrate Al in risk
management reap greater stability gains, rather than a question of Al failing to improve stability. In
summary, our findings on stability gains are well-aligned with the current literature, which
overwhelmingly reports that Al-enabled risk assessment and control tools strengthen SMEs’
financial resilience.

Our analysis also indicates that Al adoption is associated with notable improvements in SMEs’
financial performance and growth prospects. Multiple pathways underpin this outcome. First, Al
often drives cost reduction and efficiency gains by automating routine accounting, reporting, and
compliance tasks, which directly lowers operating costs and boosts profit margins (as also noted
by Dwivedi et al., 2021). Second, Al contributes to revenue enhancement: advanced analytics help
identify new market opportunities and personalize customer engagement, leading to higher sales
and customer retention. Third, Al-supported decision systems enable better resource allocation
and investment decisions, improving returns on investment. These mechanisms correspond closely
with findings from other recent high-quality studies. In a 2025 survey of 305 enterprises, Soomro et
al. (2025) report that Al adoption substantially enhances SMEs’ performance, yielding measurable
improvements in operational efficiency and cost savings. Likewise, Badghish and Soomro (2024)
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found in an empirical study of Saudi Arabian SMEs that enterprises implementing Al achieved
significantly higher profitability and growth rates than non-adopters. By giving SMEs access to
capabilities (like data analytics or 24/7 customer service chatbots) once reserved for large
corporations, Al can enable smaller enterprises to achieve results beyond their scale, a trend noted
in global analyses and industry reports.

Crucially, we also identified some nuances and potential divergences regarding performance
outcomes. Not all studies find immediate or uniformly positive effects on profitability, especially in
the short term. High implementation costs can temporarily offset Al’s efficiency benefits. For
example, one recent study of larger enterprises observed that while Al adopters enjoyed higher
revenue and gross profit, their short-term return on investment (ROI) was slightly lower than non-
adopters (11.7% vs. 12.0%) due to upfront expenditures on Al systems. This suggests that the
financial payoffs of Al mayaccrue with a lag, as initial costs are amortized and process
improvements compound over time (Cherish et al., 2025). For SMEs, which are even more sensitive
to resource constraints, a similar pattern could mean that profitability gains materialize gradually
rather than instantaneously. Another noteworthy nuance is the role of enterprise size and context.
Our review and other studies imply that medium-sized enterprises often reap greater performance
gains from Al than very small enterprises, likely because they possess more complementary
resources. In the Saudi study, for instance, Al’s impact on performance was significant across the
board, but medium-sized SMEs appeared to leverage relative advantages of Al more effectively
than smaller SMEs (Badghish and Soomro, 2024). This divergence underscores that while
the direction of Al’s effect on performance is consistently positive, the magnitude can vary based
on organizational context. Enterprises with more data, skills, or scale might unlock bigger gains,
whereas very small or resource-poor SMEs could experience more modest improvements. Overall,
however, our finding that Al strengthens SME financial performance is strongly supported by
recent literature. No high-quality study reviewed reported a net negative impact on performance;
differences arose in how quickly or strongly benefits were realized. Thus, our conclusions on
performance align with the consensus that Al adoption, when done effectively, tends to improve
SMEs’ efficiency, profitability, and growth trajectory with any divergences attributable to factors
like upfront cost burdens or enterprise-specific capabilities (Soomro et al., 2025).

While the upside of Al in SME finance is clear, both our review and prior studies emphasize that
realizing these benefits depends on overcoming implementation challenges and ensuring
organizational readiness. Resource constraints emerged as a central theme. Many SMEs lack the
quality data, skilled personnel, and capital required to develop and maintain Al systems, which can
slow or limit adoption. This observation resonates with broad surveys of SME technology adoption
for example, Dwivedi et al. (2021) and Schwaeke et al. (2025) document that insufficient expertise
and fragmented data are pervasive barriers to Al implementation in smaller enterprises. Our
findings also highlighted concerns about uncertain ROI, which aligns with other reports of SME
owners hesitating to invest in Al without clear short-term payback (indeed, as noted above, initial
ROI can be modest). These challenges help explain why some SMEs in the literature have not
experienced strong Al benefits. Simply if an enterprise cannot adequately invest in or deploy the
technology, performance gains will be limited. Recent studies underscore this point. For instance,
Soomro et al. (2025) identify top management support and employee capability as critical enablers
of Al adoption, suggesting that organizations with proactive leadership and skilled staff have a
head start in overcoming barriers. Our review concurs: SMEs that treat Al as a strategic priority and
build the necessary human capital and data infrastructure are far more likely to achieve positive
outcomes. Conversely, a lack of organizational readiness can neutralize the advantages of Al or
even result in failed projects. This caution is well-founded in the literature: evidence shows that
without a data-driven culture and sufficient analytical skills, an SME may fail to realize Al’s potential.
Indeed, researchers have documented instances where new technology investments became
innovation failure due to capability gaps, yielding little benefit or even adverse results. Chatterjee
et al. (2023) describe how insufficient complementary capabilities can turn a promising innovation
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into a liability, which reinforces our finding that simply adopting Al is not enough, it must be
accompanied by organizational learning and process adaptation.

Another recurring insight is the importance of human oversight and integration. Our results
noted that Al tools are most effective when they augment (rather than replace) human decision-
making in finance. This aligns with expert opinions and case evidence in recent publications. For
example, Metzger et al. (2025) observed that the effectiveness of Al in SME finance “hinges on
organizational readiness, competence in interpreting data, and the will to act on automated alerts”.
In practice, this means that trained staff should remain in the loop - managers need to understand
and trust Al outputs and be willing to adjust business processes based on data-driven insights. We
found that SMEs with stronger analytical skills and a culture open to data-driven decisions tended
to extract more value from Al, which mirrors the conclusions of other studies that call for
building Al literacy in the workforce (Dwivedi et al., 2021). On the flip side, SMEs that deploy Al
without sufficient training or buy-in may see the technology underutilized or misused, blunting its
impact. The literature does not contradict this premise; rather, there is broad agreement
that organizational factors such as leadership, skills, and strategic alignment differentiate
successful Al adopters from less successful ones. Within the scope of financial forecasting, risk
management, and decision support, however, our findings are largely in harmony with the
contemporary scholarly consensus. Any divergences (such as variation in ROI or speed of benefit
realization) can be explained by contextual factors for example higher initial costs or lower
readiness rather than fundamental disagreement on Al’s role. In summary, when comparing our
results with other recent high-quality studies (2016-2025), we find a convergent narrative: Al holds
considerable promise for strengthening SME financial practices, but the extent of its benefits is
contingent on implementation context. Where our findings align such as improved stability and
better performance, they do so because these outcomes have been observed across diverse
settings. Where nuances or partial divergences appear, they underscore the importance of
addressing the human and organizational elements of Al adoption. This consonance with the wider
literature reinforces confidence in our conclusions, while also highlighting why some SMEs may lag
in reaping Al’s rewards.

6. Conclusions

Our review finds that Al technology can indeed be a game-changer for SME finance, capable of
significantly improving financial stability and driving growth when implemented effectively. Al
adoption in areas like forecasting, credit analysis, and financial control allows SMEs to make more
accurate predictions, reduce risks, and streamline operations. The case studies and empirical
evidence, we examined document benefits such as more reliable cash flow forecasts, lower default
rates and financial losses, and better-informed strategic decisions, all of which contribute to
stronger financial health for SMEs. These improvements illustrate that stability and growth often
viewed as a trade-off in financial strategy can be pursued simultaneously through the smart use of
Al. However, realizing these gains is not automatic or guaranteed. The successful cases typically
involved certain enabling factors: strong leadership commitment to innovation, a clear alignment
of Al projects with business goals, and investments in organizational learning such as training staff,
adapting workflows, and cultivating a data-positive culture. Not every SME that adopts Al will see
dramatic improvements; those that do tend to be the ones that are prepared - having sufficient
data readiness, the right expertise to implement Al and a willingness to integrate Al insights into
decision-making.

Looking ahead, there are several important directions for future research. First, longitudinal
studies would be valuable to determine whether the short-term performance boosts observed with
Al adoption translate into sustained competitive advantages for SMEs over the long run. Do Al-
adopting SMEs continue to outpace their peers in financial stability and growth after five or ten
years, or do the effects level off as Al becomes more commonplace? Second, more sector-specific
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research could shed light on how Al's impact might differ across industries. For example,
manufacturing SMEs might reap Al benefits in predictive maintenance and supply chain
optimization, while service-oriented SMEs might use Al more for customer analytics and
personalized marketing, the financial outcomes could vary accordingly. Understanding these
nuances can help tailor Al strategies to different SME contexts. Third, exploring emerging Al
technologies in the SME realm is a fertile area. Tools like conversational Al (e.g., chatbots powered
by large language models) or automated machine learning (Auto ML) platforms could further
democratize Al for SMEs by reducing the need for in-house data science expertise. Early evidence
suggests that turnkey Al solutions, where an SME can plug in its data and let an Al system generate
insights or models, have the potential to greatly simplify adoption (Metzger et al., 2025). Research
into the effectiveness and limitations of these user-friendly Al technologies for SMEs would be
highly beneficial. The development of practical frameworks for ethical Al use in SMEs remains an
open question. Large organizations and regulators are devising Al ethics guidelines, but SMEs
might need simpler, readily applicable tools to ensure their Al deployments are fair, transparent,
and secure. Scholars and industry groups could collaborate to produce SME-focused Al ethics
checklists or toolkit packages to help small businesses confidently and responsibly deploy Al.

Al holds considerable promise for strengthening the financial practices of SMEs. When deployed
thoughtfully and supported by the necessary organizational conditions, Al can give small and
medium-sized enterprises capabilities that greatly enhance their financial stability and open new
pathways for growth. An SME that effectively leverages Al in its finance function can become more
efficient, more resilient to risks, and more strategic in its decision-making-essentially augmenting
the financial management capacity that would otherwise require substantially more human
resources. The ongoing challenge for both practitioners and researchers is to deepen our
understanding of how to harness Al’s potential while managing its risks. By continuing to identify
best practices, sharing success stories (and failures), and addressing knowledge gaps (such as long-
term impacts and ethical use), we can ensure that more SMEs are able to successfully navigate the
Al revolution in finance. Ultimately, empowering SMEs with Al not only benefits individual
businesses but can contribute to a more dynamic, inclusive, and robust economic landscape.
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